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> Example 1: 000000000 ODOOOOO

0000 Example 000000 pig.dta00000000O0OOOO

. use http://www.stata-press.com/data/r15/pig.dta *!

(Longitudinal analysis of pig weights)
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. list id week weight if id == 1 *2

id week wei ght
1. 1 1 24
2. 1 2 32
3. 1 3 39
4. 1 4 42.5
5. 1 5 48
6 1 6 54.5
7 1 7 61
8 1 8 65
9 1 9 72

id=100 10000C0CCCOOOCOOOOOOOOOOO0OO0O0O0OO0O0O0O0O0O0O0O0O0O0O0O0O0000

*1'0000000File > Example Datasets > Stata 15 manual datasets 0 0 O O Multilevel Mixed-Effects Reference Manual
[ME]O me 0D0DDOODODDODODDOODO
*20000000 Data b Describe data 1> List data
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*30000000 Graphics > Twoway graph (scatter, line, etc.)
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e Statistics > Multilevel mixed-effects models > Linear regression O O O

e Model O O: Estimation method: Maximum likelihood DO OO0 OO

Fixed-effects model: Dependent variable: weight
Independent variables: week

Random-effects model: Create

B mixed - Multilevel mixed-effects linear regression

Model  by/iffin  Weights SE/Robust Reporting EM options Maximization
Estimation method
(@ Maximum likelihood () Restricted maximum likelihood (REML)
Fixed-effects model
Dependent vanable: Independent variables:
|weight [ [oms| | wreek |v|

[]Suppress constant term

Random-effects model

Randem-effects equations:
Create...

Edit
Dizable
Enable

Press "Create” to define an equation

Options

Control scaling of sampling weights

[ Residuals
Type byl variable
Independent

[ Compute degrees of freedom
M ethod;

Residual

00 Cancel Submit

01 mixed JO0O0O0O- Model OO
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e Equation 100000 : Level variable for equation: id

B Eguation 1 x

Level variable for equation:
id e

(®) Independent variables for equation
i) Factor variable for equation

Varance-covanance structure of the random effects
independent v
[] Suppress constant term from the random-effects equation
| Keep collinear vanables
[ Erequency weights:
Create...
[ sampling weights:

Create...

° Gonc

0 2 Equation 100000 -00000O0O0

m xed wei ght week || id:
Perform ng EM optim zation:
Perform ng gradi ent-based optin zation:
Iteration O: log likelihood = -1014. 9268
Iteration 1: log likelihood = -1014. 9268
Conputing standard errors:
M xed-effects M. regression Nurmber of obs = 432
Group variable: id Nurmber of groups = 48
Cbs per group:
mn = 9
avg = 9.0
max = 9
Val d chi2(1) = 25337. 49
Log likelihood = -1014.9268 Prob > chi 2 = 0. 0000
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wei ght Coef . Std. Err. [95% Conf. Interval]

week 6. 209896 . 0390124 159. 18 6. 133433 6. 286359

_cons 19. 35561 . 5974059 32.40 18. 18472 20. 52651

Random ef fects Parameters Estimate [95% Conf. Interval]
id: ldentity

var (_cons) 14.81751 9. 801716 22. 40002

var (Resi dual ) 4.383264 3.805112 5. 04926

LR test vs. linear nodel: chibar2(01) = 472.65 Prob >= chibar2 = 0. 0000

OO00OEquation100000000000000000O0000O0O independent000000000000OO
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> Example 6: Meta analysis
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